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| ik | Topl | Tops | #Z¥L | #FLOPs
| VGG-16181 ! | 7150% | 9001% | 13834M | 30.94B
| AL T 200 | 6866% | 89.12% | 1030M | 650B
APoZ-117] 66.20% 87.60% 67.81M _
APoZ-2124] 70.17% 89.69% 51.24M -
Taylor-112¢ - 87.00% - 11.50B
Taylor-212¢ 84.50% 8.00B
weight sum![#*! 2 69.35% 89.13% 131.44M 9.58B
Channel-Pruning (5x)[*7 3 67.80% 88.10% 130.87M 7.03B
W 25 67.00% 87.45% 131.44M 9.58B
ThiNet-Conv-1 69.74% 89.41% 131.44M 9.58B
ThiNet-Conv-2 69.11% £8.86% 130.50M 6.91B
ThiNet-GAP 67.69% 88.13% 8.32M 9.34B
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oty Top-1 Top-5 # #FLOPs M R
JELGH R R 75.30% 92.20% 25.56M 7.72B 295.12
ThiNet-70 74.03% 92.11% 16.94M 4.88B 334.87
ThiNet-50 72.03% 90.99% 12.38M 3.41B 373.92
ThiNet-30 68.17% 88.86% 8.66M 2.20B 397.86
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* Jian-Hao Luo, Jianxin Wu and Weiyao Lin. ThiNet: A filter level pruning method for deep
neural network compression. In Proceedings of the IEEE International Conference on
Computer Vision (ICCV), Venice, Italy, October 2017, pp. 3505-3513.

* Jian-Hao Luo, Hao Zhang, Hong-Yu Zhou, Chen-Wei Xie, Jianxin Wu and Weiyao Lin.
ThiNet: Pruning CNN Filters for a Thinner Net. IEEE Transactions on Pattern Analysis
and Machine Intelligence (TPAMI), 41(10), 2019: 2525-2538.
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ik E462% r=0.2 [E4Z r=0.5

top-1 (%) | top-5 (%) | #FLOPs | top-1 (%) | top-5 (%) | #FLOPs
A 5 H VGG16 76.68 94.06 30.93B 76.68 94.06 30.93B
AL R 57.28 83.52 2.62B 70.25 91.16 9.63B
ThiNet 63.12 87.54 2.62B 73.00 92.27 9.63B
AutoPruner 65.06 87.93 2.62B 73.45 92.56 9.63B
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« fElmageNet_-5I1ResNet504&HY

7% Top-1 Top-5 4FLOPs | MIIE tL‘
J5 4 ResNet-50 f&#12 76.15% 92.87% 8.18B 1.00x
AutoPruner (r = 0.3) 73.05% | 91.25% 2.78B 2.94x
Taylor-FO-BN-56% "] 71.69% 90.59% 2.68B 2.88x%
GAL-1-joint!] 69.31% 89.12% 2.22B 3.48x
ThiNet-30 68.42% 88.30% 2.20B 3.51x
AutoPruner (r = 0.5) 74.76% | 92.15% 4.00B 2.05%
AutoPruner with block pruning (r = 0.5) 73.84% 91.75% 4.56B 1.79%
Channel Pruning (2x) 271 72.30% 90.80% 5.22B 1.48x
SSS (ResNet-26) 1] 71.82% 90.79% 4.00B 1.93x
ThiNet-50 71.01% 90.02% 3.41B 2.27x
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MobileNetV2-1.0' | 72.19%  90.53% | 300.79M 0.138s - - -
MobileNetV2-0.75 | 69.95% | 88.99% | 209.08M 0.119s - - -
AMC (70% FLOPs)#21 | 70.85% | 89.91% [210.63M 0.105s | 22.52sx800 | 1687sx150 | 3.14d
Slimmable NN 68.93% | 88.34% | 209.08M 0.120s - 8018sx 480 | 47.88d

AutoPruner 71.18%  89.95% | 207.93M 0.099s | 4898sx5 | 1658sx150 | 3.16d

! https://github.com/d-1i14/mobilenetv2.pytorch
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* Jian-Hao Luo and Jianxin Wu. AutoPruner: An end-to-end trainable filter pruning method for
efficient deep model inference. Pattern Recognition (PR), 2020.
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Kun Yi and Jianxin Wu. Probabilistic End-to-end Noise Correction for Learning with Noisy
Labels. In Proceedings of the IEEE Conference on Computer Vision and Pattern
Recognition (CVPR), Long Beach, CA, USA, June 2019.
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- fElmageNet_EEIF;ResNet50

HiE Top-1 Top-5 MACs # B4
ResNet50 76.15% 92.87% 4.09G 25.56M
ThiNet-30 68.42% 88.30% 1.10G 8.66M
GAL-1-joint 1 69.31% 89.12% 111G 10.21M
GDP-0.51%3 69.58% 90.14% 1.57G

Taylor-FO[™] 71.69% - 1.34G 7.90M
Slimmable NN 33 72.10% 90.57% 1.05G 6.92M
AutoPruner 73.05% 91.25% 1.39G 12.60M
CURL 73.39% 91.46% 111G 6.67TM
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MBI BRIk : : : :
K MACs 5% MACs i MACs K5I MACs

MobileNetV2-1.0 78.77% 299.77TM §9.94% 299.56M 78.94% 299.67M 87.27% 299.76M

|MobileNetV2-0.5 73.96% 96.12M 86.32% 95.9IM 72.15% 96.02M 81.50% 96.11M!

MobileNetV2, )
!._Shmmable NNBI 7220% 96.12M 83.37% 95.9IM 67.81% 96.02M 87.02% 96.1 lMJ
CURL 78.72% 96.07M 86.89% 95.91M 74.72% 96.04M 87.64% 96.15M
ResNet50 84.76% 4.09G 92.59% 4.09G 83.82% 4.09G 91.89% 4.09G /
ResNet30-CURL 8133% 1.11G 90.84% 111G 81.60% 1.11G 88.60% 1.11G/

ResNet50 ) . |
!_ShlmnableNN”’] 80.05% 1.05G 89.67% 105G 77.80% 105G 91.47% 1.05G

CURL 83.64% 1.10G 9030% 1.11G 79.79% 111G 92.19% 1.11G

O CURLEESSE/NEEE ESE RIFAYEFERIER
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Jian-Hao Luo and Jianxin Wu. Neural Network Pruning with Residual-Connections and
Limited-Data. In Proceedings of the IEEE Conference on Computer Vision and Pattern
Recognition (CVPR), Seattle, WA, USA, June 2020, accepted. (CCF-A £ 2)
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