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NEURAL INFORMATION
».f.-PROCESS'NGSYSTEMS fE=# ( luyn@njust.edu.cn) , BFE— (jiaxy@njust.edu.cn)

e IR T A, HENASS TR

a9 RN

O —M5ERLDL (IRESHES) | EBRERLRCHMIRERA, FMNZ O MLR (SHRICHF) RER AR |
NSRRI ZEI—MRCH IR, ARUBHRERRES 6 RRIASEIEE: !
v FRERAFIEREII R

0 ZEMCHRCH TR ZERCE X (IR
?’\hﬂﬂﬁj‘f“@) HFeF & FtmC

> BIEIRNC: B ZEERERE MRCE Dt

Feature

> BAINIRIS LR T MLRAIARS
DZIARRE

> BAIMEX LR T IAEMMLR
IR TRARICH

B X= =k E K XM

O RERRDHT:
> LDL: KTFFUMEERSF, TR ASENEEEXR

. _ .
D HrCH R R RO UHER > LE: KFRINAME, ST R

| o o
i Lo D!
| . N |
1 ! 1 o N 1
: izl : : Annotate Label distribution p (d | .’B) ! : v MRERINE RIFRYRIE :
! b 0. % - Do |
i : i i — &) O w—) m | iu MLR, LDL. LERJXE: |
i : Lo b |-/L. |
! e oy | O BWERELE (RS | BRERUBERDRIT, FAEE | | L ;
: b SRIRSEREIRRIRCH TR, BARIGEFIRZESI— MRS TTRNES b % !
> RESTE: B EREREESRE | Logical label x| | MR
R EEEE to1 o Feawr . [(Em pd|z) 1o p: :
: ~ Lo —¢q —Em] [T - o :
i E I i E ! Annotate .:i:. % m i i MHERERI i
| - v @ 7 Label distribution | O EHRIFEMMRTSREA T
! ! ;! . GWnTeyagis]
| . e B o N i
| b v |
| o o :
| . ool :
[ 1 1

T g Mg g g g e e e e e e e e -
P AEFTURC S ME ML LIRS, MUREFERRRE FAIROTHR
—_— o > — o
SFER: ISR $==29: HiEHAR
Z;fﬁfﬁl.}i?ﬁﬁ;iﬂﬁ: ?;’::;2‘;_‘;,’.’;‘:;’:'55,,‘}.‘2’,-’}Z,”,;Z;;ix»‘;:i‘::,:;;’;T;Lﬁi;t:i!;:"ﬁ;‘iﬁﬁ:i EN THIERELIREL ":' BAHRET —PAMLRIRE, FIFFTRURCH TRRIBRF IR, gﬁDRAM'
expected np’pmxlmalmn error nflr 1o the muj”“” label description vector is @j %Eﬂ:ﬁﬁiﬁi‘tgﬁ | o E 95 IEL_ /\ﬁ/iﬁﬁm m % ﬁ@ SEIE }_\__?_j E,J_L:F 5:‘\ & j]*/]ﬂa ﬁj\ml_ E*T fj\?ﬁ |
o S gt sz v [ anvie [ an o) SERRCHTHIEIIEED |0 AT RS ERA YRR 7
1

|0 REETSIMETTNSHE FERD TR R E RS

Theorem 1 If an instance is annotated by a multi-label ranking o, m is the number of relevant

labels, 5 and § are the implic it and explicit margins, respectively, then the EAE of o is
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Corollary 1 If an instance is annotated by a multi-label ranking &, m is the number of relevant
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Corollary 2 If an instance is annotated by a mulii-label ranking o, m is the number of relevant ilter | | :
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Corollary 3 If an instance is annotated by a multi-label ranking o, m is the number of relevant

labels, § and § are uniform over [0,m~"] and [m(m + 1)=2,m~"], respectively, then we have: MLRIJERE AR EE
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Theorem 2 Ifan instance is annotated by a logical label vector L, m is the number of relevant labels,
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Corollary 4 Suppose that €t and c%= are the EAE of the logical label vecior U and the EAE of the
multi-label ranking o, respectively, we have the following inequality holds for m > 3:
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