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Vaswani A, Shazeer N, Parmar N, et al. Attention is all you need. In NIPS2017
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- EF TransformerffEMEIEEY, 15S4SEHREEE 158
- B ESFIBIR, BEBMAKETIRIEUEZEIEEMESIIR

- IS, BIESEKROER, REEREE

B BRI RIE 7 AL TR 5% t——GPT(8 B )3 - ##455%). BART(H 445 -4wAY

OpenAl GPT

Token Masking ~ Sentence Permutation Document Rotation

) « D

Token Deletion Text Infilling

GPT: {ESHEAIZ S BER

BART: [l B &S BIF 75! ZESHKAREE

Radford et al. Improving Language Understanding by Generative Pre-Training. 2018. (OpenAl)
Raffel et al. Exploring the Limits of Transfer Learning with a Unified Text-to-Text Transformer. JMLR 2019. (Google)
Lewis et al. BART: Denoising Sequence-to-Sequence Pre-training for Natural Language Generation, Translation, and Comprehension. ACL 2020. (Facebook)



cH i AY [A) 7R A\ i

(6] & 3< B

s

oE 'l'/\%EI =

NEFZEEIR

N B &AL

BOER

SRRAEH, NEREEETNE T, XRERE T, "KW B 7 I A EERE
i@@¢%m THRERTNIA—EANEINRAANNE, SNEEmEZT SR, "3
C IREEX, BRWEXARR, FrIATAIMRER S & E!

BB ESHE, FKREFA, TEER HEENEK A=BFRBHWRE, BFHNER,
B e R IREF AR

REMEAFRMPFER, XRKRERERED, E2INNEBA—, ARERSHTIIREBR
Brff, sURIEE R

NE—TREEEANSAZHENEK | HBEFNEH, SEEShaARANE
Al LhpHABX M ERESHHERENEN, BXNR01SE, RIFHEMNIEMER,
AT ZEANZAE FoBE, KReRSHRRPE, mAREKE RER H—K%
BBk R T

KRBT HX BT EARTRXXZZTREMERFRE T ! 2RI NIZHFZX
T IERIZHER T B T KR RRRE RS 7 AL 7! R TRR T Ui Z X T IEE
EARRRRRAKLE 7! -



IR N AL A IR R AY K A\ #res

o QAT YF LI AE AR SCANHY AT
. AN ANERNRRIETT A

+ WMANIREER AR SEIE S
o« NAERRFRANER. ARG

* AUAJSOHERSIARRYRIFE—EUE. ERE
» KMAEREIET A

- WHISUHES SR, 1EINSFE
« MARERERIN)SSREETT A




OB N ANEFRHE A\ #7e5

02 XALERAMENES AR




N AR r] i ST Ry —fi% ' il

- HEERISIREE (Decoding strategies based method)
+ [EEMERRIEEEZEIFAE (NETXHEIE)
5|12 BHRREL (Training objectives based method)
- IEE ARSI RTE[45 B FRERIEN
. FEIERES N (Prompting-based method)
« BN EFRITTRERIMENRER

Generative
Input Controlled
il Cenens Jhmd R

Keywords: film Sentiment: Positive

Generated

=

Text

Text: I'm very happy to see
such a wonderful film.
Muhammad Khalifa, Hady Elsahar, and Marc Dymetman. 2021. A distributional approach to controlled text generation. ICLR.

Damian Pascual, Beni Egressy, Clara Meister, Ryan Cotterell, and Roger Wattenhofer. 2021. A plugand-play method for controlled text generation.EMNLP.
Jordan Clive, Kris Cao, and Marek Rei. 2021. Control prefixes for text generation. arXiv preprint arXiv:2110.08329.
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AMIEHRE

P(pos|zyy) = B

x1¢|neq) + P(x1.¢|pos)

FHRERT R

mn

P(Xa) < [] [P(
i AIAR MR FR AT A2 RO R 53 A it 8

Krause et al. GeDi: Generative Discriminator Guided Sequence Generation. In EMNLP2021 findings.
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Pxfa) x [ [Pl Platec T 2202 IS8HOIE |

- BOHTIE
- IEINETRE(Requlator), RIBESEHEEMHSFIZISER (4a/N\8iK) ZH2sHIS200

ﬁ%ggﬁ_%ﬁ ;f - (@) Origin

W = {wlpr:”' ?wk}

tastes @
t — E P T, = W|Ty Lang;age Model Controller
H ( ! | <t ) P(xilxq) P(alx;)
weWwa =

(b) Suppress | (c) Amplify
awful %‘_ @

Language Model Language Model

e
P(xilxd) Hegulator (xllxﬂ) Hegulat.\r
fla, P(xe=i)) fla, P(x.=i))
p— a . . - delicious [ The I fruit ] tastles y
f _ fH (W ’ P(:Ez |QU <? )) You shall not passlll delicious You may pass delicious
- tH / TH,

n NPV R 'U__I_H_%%EJ%SETE
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Gu Y, Feng X, Ma S, et al. Improving Controllable Text Generation with Position-Aware Weighted Decoding. In ACL 2022 findings.
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Sentiment
Classification

Translation

Summary

LiuP, Yuan W, FuJ,etal. Pre-train, Prompt, and Predict: A Systematic Survey of Prompting Methods in Natural Language Processing. 2021.

SIS AR

- BIHZIHEYM “prompt” |, EHEIEEIRIEL, BT

TN AT RSS2

- MBRLETE—HEIER prompt, LIKEATI)

WBER, AT ANER

I love this movie. The movie is [z]

French:Je vous aime. English: [z]

great

Text: state authorities dispatched emergency crews
tuesday to survey the damage after an onslaught of

severe weather in mississippi... In summary, [z]

Pretrained LM ’{

I love you I

six people hospitalized after a
storm in attala county.

AEMES TBprompt, [z]FR7~THE 5 H A A

Raffel et al. Exploring the Limits of Transfer Learning with a Unifified Text-to-Text Transformer. 2020.

" il

HIEEREOILAET “prompt”

RS EERRE MES, IS

XERFE RN FAIERE
2. FEH! eXiA

Pretrained LM

X E IR REE

HETFpromptlI X AKRES
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- EHHIRpromptgis
- FEEIATHWEprompt, FEEKXERIRTEIFIEL
«  PromptfIEftm AHEZ=T)IZMESIRELISE, 7r 1T FiFHESE9E

S EHPUE M prefixZ BT AR X EE
- HOEAE Fine-tuning
+

Transformer (Translation)
|j\ 1 1 1 1 1 1 1 1

+ FEIRRpromptEi
© BUEMEREEIDISEENSE, Rk E———

. gﬁ\?ﬁ?ﬁ%ﬁ#&%ﬁ%&%ﬁ%@%, D [ D D D D D [ D
&% 7 ALHFprompt

Transformer (Summarization)

name Starbucks type coffee shop [SEP] Starbucks serves coffee
Input (table-to-text) DOutput (table-to-text)

Prefix-tuning

Transformer (Pretrained)

DDD]DDDDDDD

name Starbucks type coffee shop [SEP] Starbucks serves coffee
Input (table-to-text) Dutput (table-to-text)

Li et al. Prefix-Tuning: Optimizing Continuous Prompts for Generation. In ACL2021.
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- WFEMEIENAERES, WiERkeE (FRtk. Bik)
.« SERITEBIREGEIRE M IR I AEFENES, 250
TREMEZERIRER
- HUHGE:
- EEBMZENNIIER, WFERFERAIXTIZ
- SXEAXLiRE, ERT)Z&Z \ prefixml=, Rprefix@=ENSRMERKBIESEFASRTIE

> EE\
1R

HZEMESHprefixaE, 2

Ne Og \P s Lq Lim
iy _’OOO_' is well-written ...
Senti. Data 10 : 70 P(XD’)
r H
o -%O Pos. Senti. GPT2 P1 D2 D3 Dy o
s :OSData —»080—> I I I ..... " (frozen) I ES’MP = wlﬁLM + wzﬁd (1)
nti. A :
SR j HN-EN N BN BN . T
------------------------------------ L T— : = L i . I 2= L : Liyv=— g log p(z¢|z<t, y) (2)
iy e I II is an absolute - . N - . - Il BN .- t=1
M\ o0 -~ workofart.. | - NI HE BN BN - EEE-. p(y)p(zly) 3)
OO—> in opposition Lk o by GPT-2 P h - B GPT-2 ¢ s Z p(y’)p(iﬂ’y’)
ARG 3 ——— 2 | ' yey
Pos. O | ... GPT2 I ,I-,IQ__,.,,“,_: E.."_",,“.H,l .......... ;
Senti. Data Pos. I I I (frozen) The book is  good - The book is  good =
; Xo X X, X3 Prefix-tuning (Li and Liang, 2021) X X X, X3
The book

BB IR F ST

Jing Qian, Li Dong, Yelong Shen, Furu Wei, Weizhu Chen. Controllable Natural Language Generation with Contrastive Prefixes. In ACL2022
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« A[FFEFS) (Continual learning) BN ARk
- PRSP EESIFES S ERTHIINY

= M BB R EESS 5 ST

t o
- SFIFMESH, RESZRCREEEFS seass e
ZlRIFmR T
° EX?%&{E%HTI I %ggfﬁﬁ*ﬁﬂ I i‘)l gﬁ\* D Ta13k Tazsk Te;’sk Te:sk Tazsk T%Sk Ta;sk Te.lzsk Te;sk
HPE =R : ; :
- FEEMHIFING, SLIMEBESTHRAVERL
E*g Figure 1: Comparison between previous methods (a
and b) and our proposed method (c), from a multi-layer
o Eﬁi&ﬁii transformer model perspective. The blue blocks re-

fer to learnable modules and the yellow blocks refer
to frozen pretrained modules . a: retrain the whole

* % |)\ E E}KLE{‘]@E@* Ei;% (Ad aptive model every time when new tasks arrive. b: insert task-

i TEAE A =l specific modules for each task, while keeping the pre-
CompOSItI\O n\al MOdUIES) d 1%IIE1:E;—_:F'=E/\J T-rg*%g trained model frozen. ¢: detect reusable old modules
ﬁgjj *D%ﬂlﬂ&*ﬁﬁg and add new modules adaptively.

- XAREWRARAK, #Z5

Zhang Y, Wang X, Yang D. Continual Sequence Generation with Adaptive Compositional Modules[C]//Proceedings of the 60th Annual Meeting of the Association for Computational Linguistics (Volume 1: Long Papers).
2022: 3653-3667.
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Decision Stage: Trammg Stage / Inference
t

Add & Norm

]

* [ MLP.- ML]P,, ]
Task 2/3 - Ta'sk 4

]

Feed Forward Network

BB SH R

]

[ ;:FIJ é:t | :—,\_ sz [ Feed Forwa'rd Network ]
° EﬁiE*E:I:—I:l *lj;é 1 ﬂs J% = _-[ — &INorm ] IA — T )
2 RS BAERFE S) %) L 5 ) (hE)
| [ Multi-Head Attention ]

R/\ IH 'EE K2 %ﬁ E/] ;fﬂ% R Y ;Jl- W IF ( Mult-Head Attntion )

eCiil ——  Task 1 — Task2 (" Hidden State Mixing
)\il_ —%:1]€—|—1 Adapter
’ k+1 e Module
r—q €7 Task 3 —— Task4 Mixing Coefficient

*E TE * EE l_:f=l= /%E% éﬁ —* IJ ﬁﬁ ﬁ /% Figure 2: Our proposed model architecture with adaptive compositional modules for transformer layers. Assume

after learning three tasks (1, 2, 3), we have one module for task 1, and another for task 2 and 3 in this layer. Left:

ktl tl During decision stage for task 4, we first insert a new module at this position, then all inserted modules will be used
m = E )\t (1M LP;, MH (Omh) for selection using hidden state mixing. Right: Assume that we finally decide to add one module at this position,
t—1 then each task would use its own architecture during training stage and inference.
E+1
t,l
ff - Z At MLPpp(o ff)
t=1

Zhang Y, Wang X, Yang D. Continual Sequence Generation with Adaptive Compositional Modules[C]//Proceedings of the 60th Annual Meeting of the Association for Computational Linguistics (Volume 1: Long Papers).
2022: 3653-3667.
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« AKHRPZEFESIEERANE, MFEIRAR, SFLARE
+ WEEENANEMRERRZ WAHITRHERITER, RERNSFEEENRE, EEFL/E
IRZFAlR
. %I)\%EI REERE BN AERNREIERRINGR, NENERENS
o Knowledge source External knowledge

common | (telephone, UsedFor, communication) . L

sense pael a;) s K

Knowledge | (cooks spaghetti, Intent, to eat) COMCNN::’V‘K”EDfA >

(American, President, Joseph Robinette

Factual Biden Jr.) -_- —

Telo = [

(China, GDP rank, second in the world)

I%-l»/\\ %D-l« EI] ﬂX%:Z

Tﬁ/ﬁ

YuW, Zhu C, Li Z, et al. A survey of knowledge-enhanced text generation[J]. ACM Computing Surveys (CSUR), 2022.

Generation model

XZIKEEZEPHQ [ 1% -L/\\

%ﬂu\ﬁ’] /)lL%E
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- RBEMRYE AR A BEARE S AR
» AAXEBEMRESNA)IZRESERE, KBEIRAIR IR RN IES R
ENEIREISHF, 1EEESRETATRAVIERR

(eiffel tower, AtLocation, paris)
(telephone, UsedFor, communication)

Knowledge Original Triples

Bases
s S + .
SE! T/I:l - gl:l 7|: IQ 'T't ConceptNet (eiffel tower, AtLocation, paris) @ tl'lple —rsentence
S o/, — telephone, UsedFor, communication)

=TTAEK

ATOMIC PersonX dates for years, oEffect, continue dating)

PersonX cooks spaghetti, xIntent, to eat) eiffel tower is at paris.
telephone is used for communication.

V @ Continue train
Knowledge Examples of Transformed Sentences

HIR-BAIE e

= ﬂ:é ﬁ ConceptNet eiffel tower. is at paris. o
=/ telephone is used for communication. G PT2

—~ —~

ATOMIC PersonX dates for years. PersonY will continue dating.
PersonX cooks spaghetti. PersonX wants to eat.

Guan J, Huang F, Zhao Z, et al. A knowledge-enhanced pretraining model for commonsense story generation[J]. In TACL 2020.
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° E?*ﬁ? E/\J 75—;% ’ *E:EE@)\LI , }\ A.%x. i/l:\| %I:I { External Control
IHEPREBAXIER=TH, 5|1S&R8E 12
B A BB pre

External Keywords Knowledge Base
(Optional)

Knowledge

. ERNEREENSE: N
. EEBATN: IR Y, FlECREE

i

Predicted Keywords Retriever

Knowledge Sentences| ;!

BERT

1]

- IR, AR RIEFTNAYIXHEE,

WEIR, SMRETHEZAEEEIR, FHR )
7\ 7\ i 73 Generated Story Conditional

o - , i1 | Contextual
{ Input Context X'~ | [R', 5" J _gygr_r\él‘litg_{ Input Context: X! X > Knowledge
) X I Ranker
A

Xi—l

Top Ranked Knowledge

¢ B‘ZZISQEEJZ *ETEJ:;Z*D%LE\IQEEJZ;ZZE Sentence g' Generator | Sentences R

Xu P, Patwary M, Shoeybi M, et al. MEGATRON-CNTRL: Controllable Story Generation with External Knowledge Using Large-Scale Language Models. In EMNLP2020.
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- ETaRIAIEREUS AR

. A e e e s Dialogue I need to buy some flowers
FEZEERRIA, REZ{EEII55

. BHGE: Knowledge
- REETEMIIRERIRETT A Generation

« MAFBRER, FREMEEEMERFEIRIIR, X .
iy =" N g AN Commensense | R £l _

A P AR IR AT SIB RIS Koowledge L opecrioner

Generation 2. Rose 1s a symbol of love.
_ Knowledge-Aligned Dialogues (H, I, R) Connecting H,1,and R
Dialogue - Special Symbols
Datasets Dialogue . - NL Prompts
History (H) I need to buy some flowers for my wife. N ReSponse
*.  Final training instance: .
lv Knowledge Formats \\ “| need to buy some Generation
. . . flowers for my wife.
Matching Process —» Implicit Triples converted to '7"' Question Answering ;. v roseisa type of
Knowledge (1) Rose is a type of flower; ~ What is a type of flower? - hol
; f L flower: 5y f
T ge Rose is a symbol of love;  Rose s a type of flower; ~h mc\)/»:er(r;ﬁe ';": >n; (r)ho
you'd be interested in red Response Perhaps you'd be interested
O f c tN t roses.”
g ConceptNe K G i ,
©  Anopen, multiingual knowledge graph | R€sponse (R) Perhaps you'd be interested in red roses. 7] Train RG models to eneration m red TOSCS.
generate underlined
I+R part

AR T TEEE, ISR/ XA 4 FiE R & pUEIRANIRTE S = & 4 pURAE

Zhou et al. Think Before You Speak: Explicitly Generating Implicit Commonsense Knowledge for Response Generation. In ACL2022.
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© XETEFRKXARERIED BB DS N BT AR FEXARARN, ReE
TXRRPENTENXAR, WMNEER
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BT ER A B TT R

- Carrie had a Bike Accident Condition Progressive Generation of Text Generation
shouted my head officer from the jeep . The dog was
@ a7 running circles around our vehicle , barking at the people
T - inside . The officer tapped my shoulder and pointed to the
. PPl yellow , skinny animal circling our jeep . * But sir.., " |
Planing Model L shouted jeep dog managed to spit out before he took both his hands and
WP A circles vehicle barking pushed me out of the vehicle . | went tumbling out , and
@ jeep dog officer yellow skinny Iandel::l onthe r[ough sandyhgm‘gnd . Isdtuud up addjcllelingthIE
" " barking officer animal circling jeep gun hanging from my shoulder and proceeded to wa
. . . ey [ skinny%eep LM; spit vehicle tumbling Mg — towards the canine . The dog stopped its barking , and
Storyhne: Came—>b1ke—>sneak—>nervous—>leg sandy ... rough sandy adjusting shifted its black eyes to me . " Come here little pup . Hey
o=t gun proceeded canine come here, | ' m not going to hurt ya, * | said trying to coax
g TTm--il. dogbarking ... it nearer to me . Actually , | didn ' t know if | was going to
IR RTINS hurt the little mutt or not yet . Reaching my hand towards
x C Cz" RIS — | my waist , I pulled off a tiny bit of my rations . | held it out
Pretrained Language Model BTN - | my hand , with the ration laying on my open palm .The dog
perkedit’s ears, and came a few inches closer to me.[...]

¢
Story: Carrie had just learned how to ride a bike. She didn’t igﬁﬁ%:{%t/tjzzlggz 53253\%747: }:—'JZE%EI\JMI\EQ’ E;‘EEE EJZ_J‘EE%EI‘J 9&%@

have a bike of her own. Carrie would sneak rides on her sister’s

bike. She got nervous on a hill and crashed into a wall. The 'IE_I ’ %)ﬁ J‘Eﬁ%/l\mﬁﬁiﬁﬁizifﬁméﬂﬁﬁ}%E’ﬂ%iﬂiﬂﬂ%iﬁﬁlj\:l’é‘ ’
bike frame bent and Carrie got a deep gash on her leg. Eéu% }ﬂz_/l\%gﬁgﬁﬁg

Yao et al. Plan-And-Write: Towards Better Automatic Storytelling. In AAAI 2019.
Tan et al. Progressive Generation of Long Text with Pretrained Language Models. In NAACL 2021.
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- RUERBRIARELER, FEREEERESMENAERTRIERER

. gﬁﬁ%ﬁﬂ%%ﬁ%ﬁﬂ%@ﬁ$$&,EE&WWEE%AE@%EEXH&Z@E
1B X XE

(EEEZAl

KER

REE z z :
[ = @ _________ . ]

Vector Quantize | X SEP Z71.710.Z3.Z
E o | 1.22.23.24
I= XH_

v
B Eﬁ%ﬂ_: hi hj hs hj | BART Encoder l
X CNN CNN CNN CNN v
Z] | BART Encoder | BART Decoder |

1 v

Yi¥Ya oYM Vi.Y2--¥YMm

Span-level Bag-of-words Loss

Yang et al. Long Text Generation with Topic-aware Discrete Latent Variable Model. In EMNLP2022, ;5 /3 #2145
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- WMERERTIEFRIAIRR
- MXIERFNEMIEEES S
1), FEEIRRRAR

- BETFiSASIKIGE
o BAXIREFNERSAREERS
FER—MREE A
o BNMNIF 2R E— R
F&F[SN], RBEaFHRAYE
SRK, [FEFFRERF[SN]=Z=
SIFEREIRIEEEN
o HRIRER, BEIREKRET
=[SN], BERISNIIEELE
ﬁﬂ&ﬁ&kﬁxfﬂ;}:
- 4&piET, BEFEEANEIEN
SRR E XA

Statement: | think
public funding of
elections could
solve many of our
political problems.

CMV.

&aﬁﬂﬂ%ﬂ W%ﬂﬂﬁ%

LI ENZSA BT BB E M RIEE

Sentence-level Planning

Keyphrase Memory Bank (B)
I o alarge influence
' & government

| o elections

I' o such measures
: o monied interests
: o corporations

Fi 4+

=-HA

" il

4

Bag-of-words 1

ke

Bag-of-words 2

t

VA

Bag-of-words 3

J|_||l Latent BOW

t

N\{T

§ il

Content Selection Layer

]

: tsn, t

|

tov, 1

(

Decoder Transformer Block N

]

Encoder

i)

i}

i)

Decoder Transformer Block 1

)

_| Statement

X

[SEP]

Keyphrase Set
{m;}

1

t

1

t

1

t

Hu et al. PLANET: Dynamic Content Planning in Autoregressive Transformers for Long-form Text Generation . In ACL2022.

[SN]

Sentence 1

[SN]

Sentence 2

lisy

Sentence 3
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o« FI)||IZMRESIF AR K ERMAEmE A, L

YNBART, GPT2—fig Ex A3z #51024Mtoken, 3RHE

IRIT AR

 TransformerfZBNITEEMFIHKENFEHIGE,
EITEEZE O, K NARNITEEE X

- BOHTTIA
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Rashkin H, Celikyilmaz A, Choi Y, et al. PlotMachines: Outline-Conditioned Generation with Dynamic Plot State Tracking. EMNLP2020.
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An unprecedented number of mostly young whales have become stranded on
Input the West Australian coast since 2008.

The number of stranded whales has increased by more than 50 per cent in the past year,
with the number of stranded whales on the West Australian coast increasing by more
( than 50 per cent in the past year. The number of whales stranded on the West Australian
coast has increased by more than 50 per cent in the past year, with the number of
stranded whales on the West Australian coast increasing by more than 50 per cent in the
Beam Search, b=16 past year.
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Holtzman et al. The Curious Case of Neural Text Degeneration. In ICLR2020.



‘k.lﬁ'lll'hﬂ#i

- Sampling decoding: f#RBId 725 | NBEHLIE

—_lE2

« Top-K sampling: 88— 1%IF I REEAIK M tokentEh&ERETE], FEEMNF
XiF152IBird

« Top-p sampling: MitZE E’Jtokenﬁt‘%’]‘i“’ﬁil@ BEERF=SE R
BtokenfItEZRINFNFEL |:ﬂ1Ep, BB M APSRAE

1.0 1.0

ZwEVtop,K P(w|“The”) = 0.68 Ewe\/top« P(w|“The”, “car”) = 0.99 Z:-u)EVt(,,,_[, P(w|“The”) = 0.94 Z?uEV )))))))) P(w|“The”, “car”) = 0.97
I — ™ I — ™ — — — K_M

MDDDDDDDDDD _HD ______ DDDDDD HD
p-0 nice dog car woman guy man people big house cat drives is  tumns sI:_pls down a not th 0.0-+- D D |:| I:I L B = — = — — —

e small told . - -
car woman guy man peop drives is turns stops down a not the small told

P(w]“The”) P(w]“The”, “car”) P(w|“The”) P(w|“The”, “car”)

Top-ptait RS 8]

Top-KAgiE KA+ = 8]

Holtzman et al. The Curious Case of Neural Text Degeneration. In ICLR2020.
Su et al. A Contrastive Framework for Neural Text Generation. 2022.
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Su et al. A Contrastive Framework for Neural Text Generation. 2022.
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Chinese

Key words

Marketing
copywriting

e, FinF 8 & IR KR, RS, BKEEEEM

=2 BERRFEARM T HARKIKRGH, EBEMAKnEN, RIMEHKREBREK, B3
mE. Butizs, IRREKIFETE, WUUR, AHR, ERERRFEHEREIE. EEIREFE,
A LA SFRIBCE A, Ao FinlRl, SAAEMRRE, FRiE. BT —KiJEE, AEREE
MESXSSA/HEMET, MARKEHETTAL, BIABERFRTHF/ILSR!

English

Brand name | Cream

Key words

Marketing
copywriting

Anti-aging, smooth, plump, comfortable, skin, skin feel, soft and comfortable, collagen
production

Estee Lauder's new White Collagen Cream is enriched with the essence of Japanese purple
bead fruit, which can help the skin to antioxidants, while promoting collagen production and
effective anti-aging. The texture is light, the skin feels soft and comfortable, absorbs quickly, is not
sticky, the skin is smooth, delicate and shiny after use. Combined with massage technigues, you
can better improve fine lines, sagging and other problems, so that the muscles are more firm,
plump and full. After using it for a while, it is obvious that my face has become firm and elastic,
and my complexion has brightened a lot, and | look a few years younger!
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Japanese

Key words TFOFIADOYT RLA—R, 5245, ik, AL, LR, . LEZOMTIRE, A5—5 V5K

Marketing IRTAA—F—DFHLWKRTA a5 o) — Ll BIEERZFREL. 35—V DERERE

copywritng L. ZYFIADUTIZHERMTYT , BUOVTIVRAF YT, IIBAFELHNRE T, IRINHAERL, #EEFEL L,
FREZEOIIXESHTHMBTHERAHYET , Iy —CFEFHAEHLEDIET, L0541
EDMEEZLYBCHEL. HRAZLYSIEMD. KYENITEHIENTEFET, LIToLEALE. B
SMZENFEOF TN, BAMENSHY., LD BLIAEEY ., EHRMIAELEERZET !

Portuguese
Brand name |creme
Key words Anti-envelhecimento, suave, gordo, confortavel, pele, sensacao de pele, macio e confortavel,
producéao de colageno
Marketing O novo creme de colageno branco da Estee Lauder € enriquecido com esséncias japonesas que
copywriting ajudam a pele a combater a oxidacao e, a0 mesmo tempo, estimulam a producao de colageno

para combater o envelhecimento. Sua textura e leve, suave e confortavel, absorve rapidamente,
nao é pegajoso, apos a aplicacéo, a pele € lisa, delicada e brilhante. Com a técnica de
massagem, vocé pode melhorar as linhas finas, relaxamento e outros problemas, tornando os
musculos mais firmes e cheios. Depois de usar por um periodo de tempo, senti claramente que o

rosto tornou-se firme e elastico, e a cor da pele também brilhou muito, toda a pessoa parece
mais jovem de alguns anos!
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