A Deep Instance Generative Framework for
MILP Solvers Under Limited Data Availability

Zijie Geng?, Xijun Lit?, Jie Wang'3*, Xiao Lil, Yongdong Zhang?!, Feng Wu?

L University of Science and Technology of China
2Noah’s Ark Lab, Huawei
3 Hefei Comprehensive National Science Center

NeurlPS 2023 (Spotlight)

Presenter: Zijie Geng, M.S. Student, o

MIRA Lab, MIRMA

University of Science and Technology of China

Paper: https://arxiv.org/pdf/2310.02807.pdf
Project: https://miralab-ustc.qgithub.io/L20-G2MILP/
Code: https://github.com/MIRALab-USTC/L20-G2MILP



https://arxiv.org/pdf/2310.02807.pdf
https://miralab-ustc.github.io/L2O-G2MILP/
https://github.com/MIRALab-USTC/L2O-G2MILP

xE& 2

Background MIRMA

MILP Instances

argmin, c'x
subjectto Ax < b
I<x<u
X EZXRYP

MILP Solvers
# GUROBI
L\

OPTIMIZATION

STIP

Facility Location g'é OptVerse

MILPs can formulate various real-world optimization problems.
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G2MILP can generate MILP instances that closely resemble real-

world datasets. These instances can facilitate downstream tasks,
leading to a performance improvement by
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