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将场景图转换为图像文本
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Image captioning

TransForming Visual Scene 

Graphs to Image Captions
背景介绍 模型框架

Generating a sentence to 
describe the image

A black dog biting a fish 
is running on the grass.
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Image captioning with Scene Graphs

Structured information used to represent objects, attributes, and relations in an image
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GNN-LSTM framework  

  

 

MLP LSTM-based
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Attention

Heterogeneous structure
Requires well-chosen 
training strategies.

Embeddings are 
indiscriminately selected
Less descriptive captions

Complex 
Training 

Strategies

Less 
descriptive 

TransForming Scene Graphs to Captions (Ours)
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Caption:

A black dog biting a fish 

is running on the grass.
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Masked: 
◼ Control whether two nodes are connected or not
◼ Node can be updated by aggregating more neighbour

embeddings

Encoder
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Attention Networks

The sketch of the MOE-decoder, we use different colors to denote different experts: 

green/blue/yellow correspond to object/attribute/relation experts.

Decoder
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If the last word of generated caption is an 

adjective “black”, the next word is more 

like to be a noun and thus αo should be a 

large value for using more object 

embeddings instead of the other 

embeddings.

e.g.:
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Thank you for listening!
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