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Source: https://medium.com/@abhigokul0/topic-dl03-receptive-field-in-cnn-and-the-math-behind-it-e17565212a20
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10 layers, theoretical RF size=21

Uniform Random Random + RelLU

20 layers, theoretical RF size=41

Uniform Random Random + RelLU

Source: [1]

40 layers, theoretical RF size=81
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[1] Understanding the Effective Receptive Field in Deep Convolutional Neural Networks. Luo, Wenjie, et al. NIPS2016
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* ILSVRC20124>2% (ImageNet) Top- 1R +0.34%

« COCO2017 HApta MR E+1.40% (RetinaNet)

* COCO201 75262 E +1.44% (Mask R-CNN)
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