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Introduction to
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John McCarthy (V& %)

“It is the science and engineering of making intelligent machines,
especially intelligent computer programs. It is related to the similar
task of using computers to understand human intelligence, but Al
does not have to confine itself to methods that are biologically
observable.”
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Marvin Minsky (53X BRETH)

“to make computers be capable of doing things that when done
by a human, would be thought to require intelligence.”
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AlphaGO

2016F3H, AlphaGo G{fEFHE
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At last — a computer program that
can beat a champion Go player PAGE 484

ALL SYSTEMS /GD 2017134, [RIERMABIMaster

HY1$60:06% %%

WHEN GENES
GOT ‘SELFISH’

04>
Dawkins's calling
card forty years on
L 9 ¥770028°083095




DeepStack & Libratus

2017F137A 6, £—XN— LR+
EIWFNTe,_E KRB Fm IR\ F



ChatGPT

2022 (H0penAlfEYS, BEHS AL
XI5, REHENES. OfFSE.
ER. . OEWRHTN (EF
LSS R, KPS EBAL

Mins) SR




B REBIN FE

v BRIBSHIE
v BT
v BBIRS

v Hlss A

CIAO HOLA
v .. fRiF

@

ZhlTBIE




2085 S ELASTUS BB R

vV IARRS, SENS, WS
N

v ZHIE

v B, LEIeIE

Vo



L RATESEE

Think like people Think rationally

Act like people Act rationally
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Computing Machinery and Intelligence

) Ex0ab b propase to consider
R8s SERE the question,'Can
19504 machines think?’

S1e-BR ~’Alan Turing

“Can machine think?”
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» Automatic Computers

» How Can a Computer be Programmed to Use a
Language

» Neuron Nets

» Theory of the Size of a Calculation

> Self-improvement: BERSM5IES
> Abstractions: JFZAS5EE

» Randomness and Creativity

A Proposal for the
Dartmouth Summer
Research Project on

Artificial Intelligence
August 31, 1955
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1956-1960s: Logic Reasoning
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1970s-1980s: Knowledge Engineering
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Rationally Agents

* An agent is an entity that perceives and acts (RXX01S1TE))

Goal-reaching and utility-maximizing agents are rational
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A, Clean] Right
A, Dirty] Suck
B, Clean] Left
B, Dirty] Suck
A, Clean), [A, Clean] Right
A, Clean], [A, Dirty] Suck

function REFLEX-VACUUM-AGENT( [location,status]) returns an action

if status = Dirty then return Suck
else if location = A then return Right
else if location = B then return Left
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v Performance (MMEE)

v Environment (JAIE)

v’ Actuators (Fi1T782)

v’ Sensors (f&R%2s)



Example of PEAS

Agent Type Performance Environment Actuators Sensors
Measure
Taxi driver Safe, fast, legal, Roads, other Steering, Cameras, sonar,
comfortable trip, traffic, accelerator, speedometer,
maximize profits pedestrians, brake, signal, GPS, odometer,
customers horn, display accelerometer,
engine sensors,
keyboard
Medical Healthy patient, Patient, hospital, Display of Keyboard entry
diagnosis system reduced costs staff questions, tests, of symptoms,
diagnoses, findings, patient’s
treatments, answers
referrals

Satellite image
analysis system

Correct image
categorization

Downlink from
orbiting satellite

Display of scene
categorization

Color pixel
arrays

Part-picking Percentage of Conveyor belt Jointed arm and Camera, joint

robot parts in correct with parts; bins hand angle sensors
bins

Refinery Purity, yield, Refinery, Valves, pumps, Temperature,

controller safety operators heaters, displays pressure,

chemical sensors
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function REFLEX-VACUUM-AGENT( [location,status]) returns an action

if status = Dirty then return Suck
else if location = A then return Right
else if location = B then return Left
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function REFLEX-VACUUM-AGENT( [location,status]) returns an action
static: last_A, last_B, numbers, initially oo

if status = Dirty then ...
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