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Introduction

Despite of promising potential of MARL,
lack of robustness makes it difficult to be
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Method

Attacker Optimization Objective:

Experiments

Performance on different SMAC maps

: : * minimize the reward of the ego-system Map_Name 283z 3m 3s_vs_3z 8m MMM [c3s57
applied in the real world. Method K =8 K —4 K =8 K=5 K =8 K=6 | T/=/%
: : o : : i ati vanilla QMIX | 02.8 £1.62 | 97.9£1.02 | 083 +£0.78 | 082 +£0.45 | O5.8 £1.50 | 88.8L2.13 | 1/1/4
To solve a robust policy, we formalize LPA- sparsity prior regularization RARL 06.4+1.19 | 86.0+£538 | 80.64+27.5 | 953+331 | 80.3+7.01 | 76.94+9.85 | 0/4/2
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evolutionary generation of attackers. Attacker Popula’rion Generation: vanilla QMIX | 788 £ 1.28 | 787 +1.49 | 87.0£036 | 662+£2.08 | 70.0£3.97 | 66.6£2.03 | 0/5/1
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Robustness Traini ng Pgr'ad|9m. EGA RAP 64.1£11.9 | 84.0£4.27 | 651441 | 844£888 | T49£155 | 454+£6.83 | 0/4/2
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