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» TabSwift: An Efficient Tabular Foundation Model with Row-Wise Attention.
S-Yang Liu, Han-Jia Ye. | ICML 2026, Spotlight, CCF-A, #—1{E&
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» TabPFN Unleashed: A Scalable and Effective Solution to Tabular Classification Problems
Si-Yang Liu, Han-Jia Ye | ICML 2025, CCF-A, #—{E&
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* A Closer Look at TabPFN v2: Understanding Its Strengths and Extending Its Capabilities
Han-Jia Ye, Si-Yang Liu, Wei-Lun Chao. | NeurIPS 2025, CCF-A, F4%—{E&
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e TabCausal: Pretraining Across Causal Environments for Tabular Causal Discovery
Zi-Rong Li, Si-Yang Liu, Tian-Zuo Wang, Han-Jia Ye. | ICML 2026 FMSD Workshop, % _{F#.
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* TALENT: A Tabular Analytics and Learning Toolbox
Si-Yang Liu, Hao-Run Cai, Qile Zhou, et al. | JMLR, CCF-A, H—{E&
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* Representation Learning for Tabular Data: A Comprehensive Survey
Jun-Peng Jiang, Si-Yang Liu, Hao-Run Cai, Qi-Le Zhou, Han-Jia Ye | TPAMI, CCF-A, F4&—{E
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* A Closer Look at Deep Learning Methods on Tabular Datasets
Han-Jia Ye, Si-Yang Liu”, Hao-Run Cai", et al. | JMLR Major Revision, CCF-A, F4%—{E&
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* Lookahead Automated Feature Engineering for Tabular Prediction via Kaggle-Guided Knowledge Trans-
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» Make Still Further Progress: Chain of Thoughts for Tabular Data Leaderboard
Si-Yang Liu”, Qile Zhou", Han-Jia Ye. | ICML 2025 FMSD Workshop, #—{E&
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